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Contributions

• Provide normative measure of inequality, we can safely call ’bad’ (or
unfair)

• Measure ’bad inequality’ in US over time and across countries
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My discussion

• Measuring unfair inequality in a toy distribution
• Measuring unfair inequality in US data
• Is a single measure useful?
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Unfair Inequality

• Unfair inequality is defined as distance between empirical income
distribution and a fair income distribution

• Need:
I A notion of fair income distribution
I A notion of distance

Consider a toy distribution with 6 people and two colored groups
determined at birth
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What’s fair?
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Two dimension of unfairness:
• Persons (1 and 2) below the poverty line (violates FfP)
• Inequality between green and blue groups (violates EOp)
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Restoring EoP
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• Equalize income across (but not within) groups
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Restoring FfP
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• Bring up to the poverty line those below it
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Comparing Empirical and Fair
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• Inequality in fair distribution lower than data, still far from 0
7



Unfair: Distance between Empirical and Fair
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• Distance (unfairness) large when yData
i is low

• Unfair inequality affected by poverty
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Total and Unfair Inequality in US, 1969-2014

throughout the 1970s are followed by strong inequality increases in the 1980s. This trend

continues until the present day, most notably interrupted by the economic crises following

the burst of the dot-com bubble at the turn of the century and the global financial crisis

in the late 2000s.

Figure 1 – Unfair Inequality in the US, 1969-2014
Baseline Results
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Data: PSID.
Note: Own calculations. This figure displays the development of (unfair) inequality in the US over the period 1969-2014. (Unfair) inequality
is calculated based on the divergence measure proposed by Magdalou and Nock (2011) with α = 0 (MN, α = 0) which corresponds to the
MLD for total inequality. Relative measures of unfair inequality are expressed in percent (in %) of total inequality. The shaded areas show
bootstrapped 95-% confidence intervals based on 500 draws.

The lower blue line displays the development of unfair inequality as measured by

the divergence of the empirical income distribution from a norm distribution in which the

ideals of EOp and FfP are realized to their full extent (see equation 16). It is unsurprising

that unfair inequality remains at a much lower level than total inequality as the latter

provides an upper bound for the former in any given country at any given point in time.

However, it is noteworthy that unfair inequality seems to follow a similar time trend as

total inequality. Starting with decreases of unfair inequality until 1980, we observe a

steady increase of unfairness until the present day and downward movements that are

largely coincidental with economic downturns.

28

• Unfair inequality increases, but much less than total
• Most notable increase in unfair inequality due to increase in group

income of people with educated and rich parents
• Hardest issue is to define what is pre-determined and what is not!
• Two changes in the analysis, might change the findings in opposite

directions
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Why might unfair inequality be higher and growing faster?

• Part of increase in inequality (especially at the top) is driven by: higher
pay for higher education, for executive positions (CEO, manager), and in
some cities (SFO,NY)

• Possibly the ability of getting higher education, an executive position
and living in a given city are in part pre-determined so these groups
might be included in constructing unfair inequality

• Including those groups might yield higher and faster growing unfair
inequality

• Worth exploring, as a sensitivity exercise
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Can unfair inequality be growing slower (or declining)?
• Evidence from Hsieh et al (2019) suggests for some groups large decline

in entry barriers in high pay profession "In 1960, 94 percent of doctors
and lawyers were white men. By 2010, the fraction was just 62 percent."

ALLOCATION OF TALENT AND U.S. ECONOMIC GROWTH 1453

Census/ACS, we estimate θ(1 − η) to fit the distribution of the residuals from a cross-
sectional regression of log hourly wages on 66 × 4 × 3 occupation-group-age dummies in
each year.18 The resulting estimates for θ(1 − η) range from a low of 1.24 in 1980 to a
high of 1.42 in 2000, and average 1.36 across years.19

The parameter η denotes the elasticity of human capital with respect to education
spending and is equal to the fraction of output spent on human capital accumulation.
Spending on education (public plus private) as a share of GDP in the United States aver-
aged 6.6 percent over the years 1995, 2000, 2005, and 2010.20 Since the labor share in the
United States in the same four years was 0.641, this implies an η of 0.103.21 With our base
estimate of θ(1 −η)= 1�36, η= 0�103 gives us θ= 1�52.

Alternatively, we can estimate θ from the elasticity of labor supply. In our model, the
extensive margin elasticity of labor supply with respect to a wage change is θ(1 − LFPg).
The meta analysis in Chetty, Guren, Manoli, and Weber (2012) suggests an extensive
margin labor supply elasticity of about 0.26 for men. The underlying data in their meta
analysis come from the 1970–2007 period. In 1990, roughly in the middle of their analysis,
89.9% of men aged 25–34 were in the labor force. To match a labor supply elasticity of
0.26, our model implies that θ would equal 2.57. This is higher than the estimate of θ we
get from wage dispersion. As a compromise between our two estimates, we will use θ= 2
as our base case, but will also provide results with θ of 1.5 and 4.

With these values for θ and η, we can now infer τ and z̃ from data on occupational
propensities and wage gaps. Figure 2 shows the mean of τ of each group across the 67
occupations. For white women, the mean of τ fell from about 7 in 1960 to around 3 in
2010, with most of the decline occurring prior to 1990. Average τ facing black women
declined from around 8 to about 3 from 1960 through 2010. Black men experienced a
decline in mean τ from around 3 to 1.5 during the five decades. For both black women
and black men, most of the decline occurred between 1960 and 1980.

FIGURE 2.—Mean of composite occupational frictions. Note: Figure shows earnings-weighted mean of τ
for each group.

18We use MLE, taking into account the number of observations which are top-coded in each year.
19Sampling error is minimal because there are 300–400k observations per year for 1960 and 1970 and 2–3

million observations per year from 1980 onward. We did not use 2010 data because top-coded wage thresholds
differed by state in that year.

20See http://www.oecd.org/education/eag2013.htm.
21Labor share data are from https://research.stlouisfed.org/fred2/series/LABSHPUSA156NRUG. The

young’s share of earnings is from the U.S. Population Census/ACS.

• Surprisingly declining race barriers do not show up in declining unfair
inequality due to race (fig 2)!

• Declining gender barriers do not show up either: maybe because use
households (as opposed to individual) income. It might be worth to
experiment with measures of inequality more individual based

• Missing the early 60s
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Poverty Rates in US

12 Income and Poverty in the United States: 2019 U.S. Census Bureau

POVERTY IN THE UNITED 
STATES

Highlights

• The official poverty rate in 
2019 was 10.5 percent, down 
1.3 percentage points from 
11.8 percent in 2018.35 This is 
the fifth consecutive annual 
decline in poverty. Since 2014, 
the poverty rate has fallen 4.3 
percentage points, from 14.8 
percent to 10.5 percent (Figure 
7 and Table B-5).

• The 2019 poverty rate of 10.5 
percent is the lowest rate 
observed since estimates 

35 The Office of Management and 
Budget (OMB) determined the official 
definition of poverty in Statistical Policy 
Directive 14. Appendix B provides a more 
detailed description of how the Census 
Bureau calculates poverty.

were initially published in 1959 
(Figure 7 and Table B-5).

• In 2019, there were 34.0 million 
people in poverty, approxi-
mately 4.2 million fewer than in 
2018 (Figure 7 and Table B-1).

• For all demographic groups 
shown in Figure 8 and Table 
B-1, poverty rates in 2019 were 
either lower than or not statis-
tically different from those in 
2018.

• Between 2018 and 2019, pov-
erty rates declined for all race 
and Hispanic origin groups 
shown in Figure 8 and Table 
B-1. The poverty rate for Whites 
decreased 1.0 percentage point 
to 9.1 percent. The poverty 
rate for Blacks decreased by 
2.0 percentage points to 18.8 

percent.36 The poverty rate for 
Hispanics decreased by 1.8 per-
centage points to 15.7 percent.37 
The poverty rate for Asians 
decreased 2.8 percentage 
points to 7.3 percent (Figure 8 
and Tables B-1 and B-5).

• Between 2018 and 2019, pov-
erty rates for people under the 
age of 18 decreased 1.8 percent-
age points, from 16.2 percent 
to 14.4 percent. Poverty rates 
decreased 1.2 percentage points 
for people aged 18 to 64, from 
10.7 percent to 9.4 percent. The 

36 The percentage point change from 
2018–2019 for Blacks is not significantly 
different than the percentage point change 
for Whites, Asians, or Hispanics.

37 The percentage point change from 
2018–2019 for Hispanics is not significantly 
different from the percentage point change 
for Asians. 

Figure 7.
Number in Poverty and Poverty Rate: 1959 to 2019

Note: The data for 2017 and beyond reflect the implementation of an updated processing system. The data for 2013 and beyond 
reflect the implementation of the redesigned income questions. See Table B-5 for historical footnotes. The data points are placed at 
the midpoints of the respective years. For information on recessions, see Appendix A. For information on confidentiality protection, 
sampling error, nonsampling error, and definitions, see <https://www2.census.gov/programs-surveys/cps/techdocs/cpsmar20.pdf>.
Source: U.S. Census Bureau, Current Population Survey, 1960 to 2020 Annual Social and Economic Supplements (CPS ASEC).
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• During the early 60s largest decline in poverty and entry barriers
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Concluding thoughts

• Very interesting paper
• Intriguing new/more normative measure of inequality and some really

important findings (i.e. increasing importance of family of origin in
shaping income distributions)

• A general issue (which I always stress when teaching) is that inequality
is about distributions and it is hard to capture its dynamics with a single
number

• Unfair inequality tries to capture all unfairness in a single number; still I
find more valuable to analyze separately the source of unfairness!
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